( E— » 2021 1

— 2012
( 300222)
2012
F74; G305 A 1002-4034( 2021) 01-0018-14
DOI:10.13509/j.cnki.ib.2021.01.002
2019-12-19
(16YJC790122) .
(1979~ )
(1991~ )

_18_



( — » 2021 1

2012
(1) N o Tavassoli (2018)
o Caldera (2010)
( 2015;
2018; 2016; 2013; Rauf et al. 2019) . (2)
( Faruq 2010; 2019) (
2019; 2010)
( 2014; 2018) ; N
( 2017) .
o Dohse  Niebuhr ( 2018)
( )
o Beneito
(20006)
. (2013) .
(2015) s
o Zhang  Xie (2020)
o Ferreras—Méndez
(2019)
Azar  Francesco (2017) 218

_19_



( E— » 2021 1

. Un  (2010)

N

- Kafouros (2020)

( \ / )
» Belderbos ( 2004)

o

(2017) 2006~2015
()
[3 N
I ( 2017)
( 2013; 2013; Melitz 2003) .
( 2005)
( 2017)
o 1.
H1:

_20_



( — » 2021 1

()
( Fleming 2001; 2017) .
o 2,
H2:
(

2017) .

H3:

()

( )

OLS) o

Score Matching PSM) ( Rosenbaum & Rubin 1983)

A

2020)

( Ordinary Least Square
( Propensity

o

-21 -



( E— » 2021 1

PSM [ » R
c={0 1}

( Average Treatment on Treated ATT) :
ATT =E(A'| C=1) -E(A"| C=1) (1)
= E(A'I C=1)-E(A°1 C=0 + E(A°1 C=0)-E(A°I C=1) (2)
(1)

E(A"| C=1) (1)
o (1) (2)
E(A°1 €=0)-E(A°| C=1) . 0
(3) o
ATT= E(A'| C=1)-E(A°| C=0) (3)
logit
P(C=11 X)=Exp(BX) / 1+Exp(B8X) (4)
(4) B X P (C=11X)
X
1:4 K

( Dehejia & Wahba 2002) .

o

()
1.
2012 ( Enterprise Surveys Database)
° 2011 12 2013 2
2 848 2 700
148 N 20 7 0
. o (2015) .
(2018) (2018) (1) .
( “Don’ t know” “Not ap-
plicable” ) p(2)
o 1 356
587 162 43.289%  11.947%

- 22 —



( — » 2021 1

. . 140 . 80
120 (95 95
2.
(1) ~
( D2)
(d3c) . ( d3b)
1
( d3c+d3b)
( 2017) .
1 0.
(2) .
[43 » ( CNO3)
1 0,
[43 ”» ( CNOS)
1 0.
( CNol7A)
1 0,
?” ( CNo5) “
27 ( CNol7A) . A ( CNoS
No) CNol7A
(3)
(2017) . (2018) .

_23_



{ — Y 2021 1
: 25% ;
1 0;
1 O. “
” 0~4 4
; ( ) (
2018) @,
1
1356 5.344 7.716 0 23.208
1356 0.142 0. 265 0 1
1356 0.328 0.470 0 1
1356 0.433 0. 496 0 1
1356 0.119 0.324 0 1
456 0.307 0. 462 0 1
885 0. 090 0.287 0 1
850 0. 141 0.348 0 1
767 0.124 0.330 0 1
899 0.106 0.308 0 1
1356 4.410 1.276 1. 609 10. 309
1356 16. 986 7.912 4 129
1356 0. 190 0.393 0 1
1356 17. 116 7.607 1 43
1356 0. 068 0.252 0 1
1356 0. 094 0.291 0 1
1356 0.670 0.471 0 1
1356 0. 855 0.873 0 4
1356 32.955 10. 331 21 70
”oe ” 135 .
o PSM OLS
PSM OLS
PSM o
@
« » ( 2018;
2016; 2015) .
31 .
. (2018 ¢ Yy 24~25 .

- 24 —



(

) 2021

|

PSM
(
). 2
N OLS PSM OLS
- OLS N
o PSM
o ( )
1
PSM
2
ors 3.319%%* 0. 046 % 0. 190 ™% 4,518 0. 067 ** 0. 258
§ (0.413) (0.015) (0. 025) (0. 634) (0.022) (0. 039)
PN 1. 655+ -0. 002 0. 097 ™+ 2. 499 ~0. 004 0. 152**
(0.526) (0.019) (0.032) (0. 802) (0.026) (0.047)
“Uok” ook 7 10%. 5% 1%
(
2. 3
o 5 OLS
PSM 3 o OLS
) o

_25_



<< -

) 2021

1

o 2 3 PSM
3 (OLs )
( )
4. 255" 0.034 0.232%*
(0.812) (0. 030) (0. 049)
4,941 0. 066 0.277 %
(0. 881) (0.031) (0.054)
4. 5397 0. 076™* 0.261**
(0. 746) (0.025) (0.046)
4. 4627 0. 079 ** 0. 260 ™
(0. 833) (0.028) (0.051)
6. 418" 0. 121 0. 362
(0.794) (0.028) (0.049)
4 PSM
(
) o
PSM
N 2 3,
o PSM
0 ° PSM

_26_



€ — Y 2021 1
4 (PSM)
)
2.149* -0. 003 0. 124™
(1.044) (0.037) (0.062)
3. 343 0. 001 0. 192
(1.150) (0.036) (0.068)
2. 492 0.018 0. 145*
(0.945) (0.031) (0.056)
2. 685" 0. 007 0. 163
(1.041) (0.034) (0.063)
3,767 0.036 0.222%*
(1.097) (0.037) (0. 064)
0. 06
5~ 17 o
K
5
1. 837 0. 006 0. 109 2. 825% 0.015 0. 167
. 0.017 . 030 . 727 0.0 0.
(0. 488) (0.017) (0.030) (0.723) (0.023) (0.043)
1. 883 0. 007 0.111** 2.964 % 0. 020 0. 174
! 0.017 . 030 . 720, 0. 027 0.
(0. 486) (0.017) (0.030) (0.720) ( 3) (0.043)
6 ( )
)
2.258* 0. 002 0.130™
(0.980) (0.035) (0.059)
2.954™* -0. 001 0. 169 **
(1.039) (0.032) (0.061)
2.715%* 0. 020 0. 159
(0. 869) (0.028) (0.052)
2,511 0.012 0. 155**
(0.952) (0.030) (0.058)
3. 8617 0.021 0. 228
(0.964) (0.032) (0.057)

_27_



4 —_— Y 2021
7 )
( )
2.263™ 0. 002 0.130*

(0.975) (0.035) (0. 058)
3,028 0. 000 0.173™*

(1.036) (0.032) (0.061)
2,794 0.023 0. 164™*

(0.862) (0.028) (0.051)
2. 612 0.016 0.1617*

(0.948) (0.029) (0.057)
3. 868 0.019 0.227%*

(0.959) (0.032) (0. 056)

()
( ) ( 2017) .
8 PSM o 8
8 2
(4.419>2.499)
(0.260>0. 152) 1%
8
/

4. 4197 0.048 0. 260

(1.051) (0.037) (0.062)

2.094" 0.011 0.133"

(1.217) (0.032) (0.073)

_28_



( — » 2021 1

PSM
1 . . ] 2018 40(6) : 91-97.
2 . — J .
2018 39( 1) : 98-106.
3 . . 2018 20( 3) : 21-29.
4 . — 2000—2010 J .
2013 34(3):13-22.
5 ) J . 2019 40(7) : 33-46.
6 . N : J.
2017( 12) : 24-35.
7 . . J. 2015( 4) : 37-47.
8 ) : . 2018 41(5) 199-124.
9 . o 7 “ A 2013
(10) :29-36 48 87-88.
10 —
J. 2013( 3) : 77-86.
11 . J . 2020
(4) :103-110.
12 . : N J .

_29_



( E— » 2021 1

13

14

15
16

17
18

20
21

22

23

24

25

26

27

28

29

31

32

34

35

36

37

38
39

40

2018(2) : 114-135.

2015( 4) : 32-46.
— PSM  GPS J. 2013 39
(4):134-144.
N I 2019( 5) : 18-30.
- J.
2016( 4) : 62-71.
(2019 M . : 2017.
(2018 M . : 2018.
] 2017( 6) : 61-70.
N J. 2015 35(7) :114-118.
I 2010
(3) :99-104.
I 2005( 1) : 25-30.
J. 2014( 6) : 93-102.
— J. 2017 30( 3) : 97-109.
“ 7 J. 2015 38(5) :81-104.
I 2017( 8) : 49-55.
N J. 2017 40( 10) : 48-71.
N ] 2016 51(2) :126-139.
N I 2017 52(7) :94-108.
AZAR G CIABUSCHI F. Organizational innovation technological innovation and export performance: The
effects of innovation radicalness and extensiveness J . International Business Review 2017 26(2): 324-336.
BELDERBOS R CARREE M LOKSHIN B. Cooperative R&D and firm performance J . Research Policy
2004 33(10): 1477-1492.
BENEITO P. The innovative performance of in—house and contracted R&D in terms of patents and utility models
J . research Policy 2006 35(4): 502-517.
CALDERA A. Innovation and exporting: evidence from Spanish manufacturing firms J . Review of World Eco—
nomics 2010 146(4): 657-689.
DEHEJIA RH WAHBA S. Propensity score—matching methods for nonexperimental causal studies J . Review of
Economics and Statistics 2002 84( 1) : 151-161.
DOHSE D NIEBUHR A. How different kinds of innovation affect exporting J . Economics Letters 2018 163:
182-185.
FARUQ H A. Impact of technology and physical capital on export quality J . The Journal of Developing Areas
2010: 167-185.
FERRERAS-MENDEZ J I. FERNGNDEZ-MESA A ALEGRE J. Export performance in SMEs: the importance of
external knowledge search strategies and absorptive capacity J . Management International Review 2019 59( 3):
413-437.
FLEMING L. Recombinant uncertainty in technological search J . Management Science 2001 47(1): 117-132.
KAFOUROS M LOVE J H GANOTAKIS P et al. Experience in R&D collaborations innovative performance
and the moderating effect of different dimensions of absorptive capacity J . Technological Forecasting and Social
Change 2020 150: 119757.
MELITZ M J. The impact of trade on intra—industry reallocations and aggregate industry productivity J . Econo—
metrica 2003 71( 6) : 1695-1725.

_30_



( — » 2021 1

41 RAUF A MAY JALIL A. Revisiting the Innovation—export Nexus using Industry—level Data: Evidence from
China’ s Large—and Medium—-sized Industrial Enterprises J . International Journal of Economics and Financial Is—
sues 2019 9(3): 73.

42 ROSENBAUM P R RUBIN D B. The central role of the propensity score in observational studies for causal effects

J . Biometrika 1983 70( 1) : 41-55.

43 TAVASSOLI S. The role of product innovation on export behavior of firms: Is it innovation input or innovation out—
put that matters? ] . European Journal of Innovation Management 2018 21(2): 294-314.

44 UN C A CUERVO-CAZURRA A ASAKAWA K. R&D collaborations and product innovation J . Journal of
Product Innovation Management 2010 27(5): 673-689.

45 ZHANG D XIE Y. Synergistic effects of in—house and contracted R&D on export performance: evidence from Chi—
na J . Applied Economics Letters 2020 27( 1) : 9-13.

Types of Cooperative Research and Development and
Firm Export Performance
—Propensity Score Matching Analysis Based on the
World Bank China Enterprise Survey 2012

YANG Zhenzeng GUO Xiaoxiang

( School of Economics Tianjin University of Finance and Economics Tianjin 300222)

Abstract: Using the World Bank China Enterprise Survey 2012 data this paper ap—
plies the Propensity Score Matching ( PSM) to examine the impact of cooperative research
and development with different types of partners on export performance. We find that co—
operative R&D significantly boosts export size and improves export choice but has no sig—
nificant impact on export intensity. The promotion effects differ in the types of cooperative
R&D: the cooperation with universities and scientific research institutions has the strongest
promotion that with other enterprises has less strong one and the intra-enterprise cooper—
ation has the weakest. Within the supply chain cooperation with suppliers is better than
that with customer companies. Moreover the promotion of cooperative R&D to export per—
formance mainly occurs in areas with high market—oriented levels. The conclusion of this
paper is of significant policy implications for promoting cooperative innovation enhancing
innovation efficiency improving export performance building an innovative country and
raising the level of opening up.

Keywords: Cooperative Research and Development; Export Performance; Export
Choice; Export Size; Export Intensity
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